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We describe a new release of the Social Connectedness Index (SCI), a large-scale mea-
sure of social ties across geographic locations constructed from Facebook friendship
links. The newly available SCI data has substantially expanded global coverage and
finer geographic resolution than prior versions, and provides measures of social con-
nectedness for national and subnational units across 178 countries.

Social connections between individuals and places
play a central role in shaping economic, social, and
political outcomes (Bailey et al. 2026; Chetty et al.
2022a; Jackson et al. 2008; Bailey et al. 2021). Yet de-
spite their importance, comprehensive measures of
social networks have historically been difficult to
construct. Survey-based approaches are limited in
scale, while administrative datasets typically cap-
ture only narrow dimensions of social ties.

To address some of these measurement chal-
lenges, Bailey et al. (2018a) introduced the Social
Connectedness Index (SCI). Based on data from
Facebook friendship networks, the SCI quantifies
the intensity of social ties across geographic areas.
Since its initial release, the SCI has been widely
used in academic research and policy analysis, in-
forming studies of migration, trade, product dif-
fusion, and access to capital, among other topics
(Bailey et al. 2020a; Bailey et al. 2020b; Bailey et al.
2021; Wilson 2022; Kuchler et al. 2022b; Kuchler et
al. 2022a; Minora et al. 2023; Rehbein et al. 2025).

This note describes a new data release via the
Humanitarian Data Exchange, which provides an
updated version of the Social Connectedness Index
as of January 25, 2026. Relative to earlier releases,
the new SCI data features substantially improved
coverage and finer geographic resolution.

1 Conceptual Framework

The Social Connectedness Index (SCI) measures
the intensity of social connections between pairs
of geographic locations using friendship links on
Facebook as a proxy for real-world social ties.

Facebook friendships are undirected connec-
tions established with the mutual consent of both
users, with each user able to maintain up to 5,000
friends. Because these connections typically rep-
resent real-world social relationships and require
active confirmation by both parties, the resulting
networks offer a meaningful proxy for offline so-
cial ties. While no single platform captures all
forms of social interaction, the scale and broad ge-
ographic coverage of Facebook’s user base allow
the SCI to provide a uniquely comprehensive view
of social connectedness across regions around the
world. Facebook friendship data have therefore
been widely used by researchers to study social
connectedness (Chetty et al. 2022a; Chetty et al.
2022b; Jones et al. 2013; Bailey et al. 2018b; Bailey et
al. 2024; Bailey et al. 2019; Bailey et al. 2022; John-
ston et al. 2025a; Johnston et al. 2025b).

The Social Connectedness Index between loca-
tions 7 and j is formally defined as:
scr,, = P;zendsthsi,]-,

op;i X Pop;

where Friendships;; denotes the total number of
Facebook friendship links between users assigned
to location i and users assigned to location j, and
Pop; and Pop; denote the number of Facebook
users in locations i and j, respectively. Each friend-
ship link is weighted equally, and where i = j, a
small adjustment is made to the denominator to
account for the fact that users cannot form friend-
ships with themselves.


https://data.humdata.org/dataset/social-connectedness-index

The SClI is scaled within each dataset to lie be-
tween 1 and 1,000,000,000.
preted as a relative measure of friendship intensity.

It is thus best inter-

For example, if the SCI between location A and lo-
cation B is twice as large as the SCI between lo-
cation A and location C, then a randomly chosen
Facebook user in location A is twice as likely to be
friends with a randomly chosen Facebook user in
location B than with a user in location C.

2 Data Sample

The SCI is constructed using data from Facebook, a
global online social networking platform. The un-
derlying sample consists of Facebook users from
178 countries who were active on the platform in
the 30 days prior to January 25, 2026 and who had
more than 20 Facebook friends. As context for the
scale of the platform, in September 2025 Meta re-
ported 3.54 billion daily active people across its
family of apps (Meta Platforms, Inc. 2025).

For each user, we observe an estimated home
location derived from a proprietary model that
combines multiple signals, including self-reported
location information, IP addresses used to access
Facebook, and patterns of on-platform activity.
These estimated locations are used to assign users
to countries and subnational regions.

Throughout the construction of the SCI, we im-
plement safeguards to protect user privacy. Ge-
ographic units with fewer than 500 users are ex-
In addition, all
published statistics are protected using p-Gaussian
Differential Privacy (Dong et al. 2022).

cluded from the data release.

3 Geographic Coverage

The new SCI data release includes measures of so-
cial connectedness across the following geographic
levels—many of which are available to researchers
for the first time—allowing the study of social net-
works at local, national, and international scales:

¢ Country—to—country pairs

* Region-to-region pairs:

— GADM (Levels 1 and 2)

— GeoBoundaries (Levels 1 and 2)

— European NUTS (Levels 1, 2, and 3)
— US Counties and ZCTAs

¢ Country-to-region pairs:

— GADM (Levels 1 and 2)

— GeoBoundaries (Levels 1 and 2)

— European NUTS (Levels 1, 2, and 3)
— US Counties and ZCTAs

4 Interpretation & Data Patterns

Prior work has established several empirical pat-
terns using the SCI (Bailey et al. 2018a), all of which
replicate in the new data release.

First, the SCI declines strongly with geo-
graphic distance. Locations that are closer to one
another tend to exhibit substantially higher levels
of social connectedness than distant locations.

Second, political and administrative bound-
aries play a significant role in shaping social net-
works. Social connectedness often drops sharply at
state or national borders, even conditional on geo-
graphic distance.

Third, the SCI captures persistent historical re-
lationships. Measured social connectedness today
reflects past migration flows, settlement patterns,
and trade relationships.

Fourth, the geographic concentration of so-
cial networks varies substantially across locations.
Some counties or regions are characterized by
highly localized networks, while others maintain
social ties with a geographically dispersed set of
places. These differences are systematically related
to socioeconomic characteristics such as income,
educational attainment, and geographic mobility.

Figure 1 highlights that many of these patterns
extend to studying data from South Asia, South
America, and Africa, regions that have not been the
focus of prior work with the SCIL.
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Fig. 1: Social Connectedness in South Asia, South America, and Africa

Note: Each panel shows the relative likelihood of friendship implied by the Social Connectedness Index (SCI), obtained by
normalizing SCI values for the focal region by a low-connectivity reference level (the 10th percentile among regions in the
countries shown). The focal region is highlighted in red.
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5 Stability Over Time

Although the underlying Facebook data evolve
continuously, the SCI measures a relatively stable
underlying object: the geographic structure of real-
world social networks.

Prior research has shown that social connect-
edness measured at a single point in time predicts
outcomes such as trade flows many years into the
past (Bailey et al. 2021), suggesting that the under-
lying object—how strong the social connections be-
tween different countries or regions are—does not
vary at high frequency.

Consistent with this interpretation, the SCI be-
tween location pairs in the newly released data is
highly correlated with the SCI in an earlier data re-
lease from 2021, with a correlation of p = 0.97 at
the country level and a correlation of p = 0.97 at
the U.S. county level. These findings also suggest
that the 2026 release of the SCI should be useful to
researchers for many years to come.

6 Geographic Aggregation

The SCI can be aggregated to higher levels of ge-
ographic aggregation using a formula introduced
by Bailey et al. (2021). Specifically, the SCI be-
tween two locations i and j is defined as the prob-
ability that a representative Facebook user in lo-
cation i is friends with a representative Facebook
user in location j. This measure is equivalent to a
population-weighted average of the SCI across all
subregions within the two location.

For example, let R(i) denote the set of regions
in country 7, and R(j) the set of regions in coun-
try j. Let Friendships,,, be the total number of
Facebook friendship links between individuals in
regions r; € R(i) and r; € R(j). Let Pop,, and Pop;,
denote the total (Facebook) population in regions r;
and r;, respectively, and PopShare,, and PopSharerj
denote the share of the population in those re-
gions within their respective countries, such that
Y.r,er(i) PopShare,, = 1and LreR()) PopShare,, = 1.
The SCI between countries i and j is then given by:

ngER(i) erER(j> FTl’EVldShl’pSyﬂrj
(ZrieR(i) Popri) X (ereR(j) Popfj)
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SClij = Pop; x Pop;
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X X
r€R(i) r;€R(j) Lrer(y Popr;  Lrjer(j) Popr,
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= ). ). PopShare, x PopShare; x SCly,,
1€R(i) 1;€R(j)
This formula provides a flexible framework for ag-
gregating the SCI to higher geographic levels. In
the absence of access to Facebook user counts for
each region, population counts and shares from ad-
ministrative data can be used as proxies.

7 Limitations

While the SCI provides a measure of social con-
nectedness at unprecedented scale, it is important
to recognize its limitations.

First, the index only reflects social ties among
Facebook wusers.  Although Facebook usage is
widespread and relatively representative along
many dimensions, this representativeness might
vary across locations, for example when internet
access is not ubiquitous.

Second, the SCI measures the prevalence of
friendship links but not their intensity, frequency
of interaction, or context. Two pairs of locations
may exhibit similar SCI values even if the nature
of the underlying social relationships differs some-
what, for example because countries might differ
in the norms around adding friendship links to in-
dividuals not known in real life.

8 Conclusion

The Social Connectedness Index provides a freely
available measure of social connectedness across
geographies. By leveraging social network data,
the SCI overcomes longstanding measurement
challenges and enables new lines of research on the
role of social networks in economic, social, and po-
litical outcomes. This updated release expands on



prior versions of the SCI by offering a richer set
of geographic granularities, thereby enabling anal-
ysis at finer spatial scales. It is also based on a
more recent snapshot of the underlying data. To-
gether, these improvements enhance the relevance
and usefulness of the SCI for contemporary re-
search and policy analysis.
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